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INITIAL STUDY OF QUANTIFYING THE RELATIONSHIP BETWEEN SKIN PATHOLOGY IMAGES AND
DERMOSCOPY IMAGES
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Malignant melanoma is a highly malignant and lethal skin cancer that is often difficult to diagnose even
with the use of dermoscopic imaging (D-imaging), a special magnifying glass used by experienced

dermatologists. On the other hand, pathological images, which allow the depth structure of the tissue to be

confirmed, provide a highly accurate diagnosis, but they are invasive, and in the case of melanoma, a highly

malignant skin cancer, the examination itself poses a risk of tumor metastasis. It would be a breakthrough in

both dermatology and clinical practice if pathological images could be estimated from D-images of skin
surfaces, but no research has been conducted to date due to the difficulty of data collection and the problem

itself. In this study, as an initial attempt to quantitatively evaluate the relationship between the two, we

attempted to predict the color distribution of sections of D images from pathological images of various skin

diseases using a deep learning system and report the initial results.
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