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PROPOSAL FOR ANIMEGAN IMPROVEMENT BASED ON CNN
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In this paper, we propose a method to address the discoloration issue in the AnimeGAN
model. Our methodology employs Convolutional Neural Networks (CNN) to sustain the
chromatic integrity of the original image. According to the experimental results, the
discoloration problem of AnimeGAN has been rectified, successfully preserving the
color of the original image.
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