EBARFEZMERE VYRS b

HOSEI UNIVERSITY REPOSITORY

PDF issue: 2025-01-15

HFEE ICHWET7—AOKRY b

E_.{_L BT & 7:7%%
@%Uﬁll

& E= / HOU, ZHIHAO

.1

TI'I

(HhsZE / Publisher)
ERRERFRIBETI AR

(M=t4 / Journal or Publication Title)
EHARFERFRLE. BTEHERE

(% / Volume)
65

(BAE_R— / Start Page)
1

(#&87TR—< / End Page)
3

(RITHE / Year)
2024-03-24

(URL)
https://doi.org/10.15002/00030698



FEBRAXEZRERLE BEIFHERE Vol64(2024 £3 B)

NS

AR EEMFEICAH:
7—L0Ry ko

USING ELECTROMYOGRAPHY AND MACHINE
LEARNING TO CONTROL OF ARM ROBOT
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In this study, machine learning is used to classify myopotential data of a human arm obtained from a
electromyography implemented with an analog circuit, and to control an arm robot. Three patterns of human
arm movements are determined, and the EMG data during the movements are input to a electromyography for
measurement. By inputting the measured data into the model implemented in the machine learning system, we

verify that the arm robot can reproduce the same movements as those of a human arm through circuit

implementation and experiments.
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