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Classification of Datasets Based on Combination Algorithm of Clustering and Neural Network
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With the development of the data era, data’s importance is increasing daily. For data analysis, the accuracy

of data classification is again the basis to ensure the data analysis is carried out smoothly. Therefore, in order to

improve the accuracy of the classification of unknown data, this paper proposes a new approach based on

combinatorial clustering and neural network algorithm. The results show that the algorithm combining

clustering algorithm and neural network will help to improve the accuracy of data classification and

identification effectively.
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