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This study proposes a graph structuring and feature word extraction method for business information documents
extracted from corporate websites for corporate and market trend research. The graphs created from business
documents consist of a hierarchical structure graph reflecting the relationship between businesses and companies,
and a dependency graph using the dependency relations of business documents. For feature word extraction, R-
GCNs were used for the dependency graph, and the F value was 0.33 for the business document graph consisting
of a single company, and 0.37 for the business document graph consisting of multiple companies in a single
industry.
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