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Improvement of the Spatial Resolution of a Multi-pinhole SPECT System
With a Deep Learning Method
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A method to improve the spatial resolution of images obtained with a stationary multi-pinhole

SPECT system was proposed in this paper. A multi-pinhole SPECT system has an advantage of being able

to measure dynamic functions of organs. However, the image quality is very sensitive to a pinhole size.

In this work, a deep-learning based method to improve the spatial resolution was proposed, in which the

projection images were converted to those measured with an infinitesimal pinhole system. The

reconstructed images with the proposed method had significantly higher spatial resolution and reproduced

more detailed structures than those with the conventional methods. These results demonstrated the

effectiveness of the proposed method.
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