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ANALYSIS OF PERIODIC ORBITS IN PERMUTATION BINARY NEURAL NETWORKS
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This paper studies permutation binary neural networks characterized by local binary connection, global
permutation connection and the signum activation function. The networks are simple in structure, are easy to -
implement, and can generate various binary periodic orbits. In order to analyze the dynamics, we define two
feature quantities that evaluate complexity and stability of the periodic orbits. Using the feature quantities, we
have analyzed the 6-dimensional networks. Typical periodic orbits are confirmed experimentally.
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