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Fig.3 Taylor Series Expansion for Dynamic Image
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Fig.8 Cognized results by applying the 1st and 2nd time
difference method to vectored images
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Table.1
Table.1 Order

Number of Successful images ,

CognitionRate = —
Number of Testing images

100  (13)

Table.l Cognition Rates

Eigen Pattern Order Cognition Rate
Composite 765 26 %
1% difference 765 78 %
2" difference 765 2%
Composite and
1% difference 1530 82 %

Composite and

2" difference 1530 82%

1% difference

and 2™ difference 1530 94 %
Composite .
1% and 2" difference 2295 92 %
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Summary
Dynamic Image Cognition by means of Discrete Taylor Series Expansion

Tohru Kosugiyama Seiji Hayano Yoshifuru Saito
Graduate School of Engineering Hosei University

Most of the conventional image cognition methodologies are based on the geometrical singular points extraction of the
target images  In human face image cognition it is proposed that the method of discriminating the ratio of the distance
between eyeballs and a mouth etc  as characteristics of each face information  This recognizing method has problems such
as a definition or extracting method of the singular points  and change of the singular point distribution by change of facial
expression  In order to overcome these difficulties ~ we have previously proposed a new image cognition methodology
based on the color information extracting strategy  In the previous paper  we have reported that the image cognition
method based on the color information which composing each of the target images could recognize in fairly good accuracy
Furthermore it has been reported already that this method is generalized to the dynamic images cognition ~Asaresult it
has been reported that the dynamic images was possible to recognize more precisely than static image

In this paper  we propose the method of extracting the time variations of the color information by means of the finite
differences It is shown that this new methodology makes it possible to cognize the target objects having any background
images
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