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Abstract

In recent years, E-book provides many opportunities
that people read books during a commute or break time.
Though an E-book reader provides some useful functions
for reading the books. This system enables a new function
of recommending illustrations during one is reading. This
is achieved by calculating cosine similarity which uses the
BERT based distributed representation of each scene.
There are mainly 4 steps: (1) this system divides texts into
some scenes by TopicTiling; (2) the important sentences
are extracted by using BERT for each scene; (3) subjects,
verbs, and objects are extracted using MeCab and
CaboCha; and (4) the system recommends appropriate
illustrations by calculating similarity between the
sentences by using the analysis results and image titles.
As expected, this system can recommend illustrations for
a reader to form the image when he is difficult to
understand E-book in only text content. These
recommended illustrations are original from the
illustrations of the web site “irasutoya”. As a result of the
experiment, the accuracy of the illustration’s
recommendation was about 72.0 percent. This result was
obtained by using CNN to convert the image style of both
the original and the recommended illustrations, and then
evaluating them by SSIM.
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A7V 27 M EBEICHIBRTE I TREETH A &S
NTWBARENERH .2 DB, A TAMNOE T V=
7 FNORENEBINTWRWI & THD. R 5 ik
LT ATV FOMEER—TDIHEREZLND.
ZOFEL, FFEOA T =7 boJE HERHET
HHEENRHD. LI, £ TAMNDE TV =7 FOHE
EHETDHENIFIRFREI N TN, 5% O
MR e 75,3 DEIL, BEHORELZITTWEHTA
BEMER H 2. 52 HiORERTIE, EESCHHANTHEEEL
TWARWNWZ ERENT NS, HNTHERE L 22V A, 6
MBICH BRI R A2 2 CIXREEC2 5. 207,
TV BE RS TR OHEE DM T O TR N B 5. 2D
RRE S B BRI DI, /N T A D BT 5 Z & T,
B O & H A0, B A i 3 5 RS
BT/ %, % 4 D MSE XY, Doc2Vee D J5 7% BERT [2]4&
DEEND RN EREEAEID. T2 5, Doc2Vee 1
BERT [2] & W A& D EICITVA T A M EHEBE L WD &
EZBND. aY A CHUEOERERICOWTRRS.,
F 4 OaY A FEBE X Y, BERT [2]D =91 HELE T
0.79 T D Z LIk LT, Doc2Vec D =1 HALIE T
0.69 TH Y, P E IR A L= B LBl s LT,
Doc2Vec DHFEDWNERIRIEN CARIZ L » TEL L2
EBRFTOND. WIS, BEIHIHOEE LT 5720
2, EE I AT o T R & el 5 & SR
WIEIERE L 5.2 TWRW. T, BESCHiHIT A 5
A MEBICH L TAENCHEEL QW ARWnWE BN D, i
%12, Google DFALIMIBIRIR & L35 E AR AT A,
SSIM TIZ EE->TWA M, MSE 134 5%k L7 -72. L
7282 T, KU AT AT IEMEOFEEIT S LT, i e
LTV 5l 2 HEEE T & TV DA, I LTV 5 s
IIHEEE CE T, 72, ot VEBEORRE L DA
AT DI O U NTENA T A M EHEE LT
WbHEEZLND.

4 FHZEICE 20 Mo FHEE O .

EHECHIH | %I | SSIM | MSE | cosine
& »HY BERT 0.72 | 254.18 | 0.79
ES HY Doc2Vec 0.72 | 246.61 0.69
+ 2L BERT 0.72 | 25428 | 0.78
% L Doc2Vec 0.72 | 247.66 | 0.69
Google BERT 0.62 | 209.49 | 0.66
B R Doc2Vec 0.46

HFRYLEDT F A PR AT AMIALENTH S
EDHEE SN D F TOERITIFHOMR AR 5 ITRT. 20
& X OFETIRFOBRELIE macOS High Sierra (X €Y 16GB,
Zut v 26GHz) THD. £S5 LY, FATEREOEVIE
IZY— 95 &, Doc2Vee (BEEICHIHZ L) , Doc2Vec

(HEZEHH & ) ,BERT[2] (BESCHhiHZ L) , BERT
2] (BEECHEH V) E W IHEICRE. 202 LD,
BERT [2]&£ Y & Doc2Vec D 0NELSHEECTE D EE XD
N5, WEEET 546, Doc2Vee 12 FEEE IR TX
RN, HEREOREEEIIE BT L E O AIREER H 5.

K5 KUART LD ELTHFH

HESCHH H Y EHESCHhH 2 L
SyEaEsEl | BERT | Doc2Vec BERT Doc2Vec
SEH[sec] 125.55 55.06 91.88 16.15
6. L3

AWFSE T, BERT [2] T B 5 0 iER Bkt LTt
A HEPEEZHET S Z L THEHI AR EHE TSR
T AERE L. FZEUED/NGL 20 M CEBRZITR-72
FER, ARV AT DI +m7oE o s B L Tnb 2 e
&, BERT 2]D/r#EHEFEHA L CHET L Z E AR
FEREL CTWD Z EDVRE N, SLICHEZM EXE 572
DI, EESCHH A BANHEES &2 NERH 5. RE
B CIL, BERT [2] D43 #F BIR° Doc2Vee D4y #a B4 fv
THEHEXZHMHL TV LL, 2D OS5 FREIIN
RIZELEBLTWALERST A Z EAREETH S &
WO FERDE LN AMOHBERZ: E DT A MEREL
SOFER LI 522 2 LT, ZOMEE R CTE 5 7]
FetER 5. FD7=H, 73 A NS OFEH A B
I ORERRL B2 5 DONIHOWTHELED 5.
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