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A STUDY ON TOPIC DETECTION AND ASPECTS TRACKING IN NEWS ARTICLES
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In this investigation, we discuss aspect tracking, i.e.,how to identify tracking storylines
of document topics. Since there happen huge amount of fragment information, it is hard to
see what they mean and how they go within topics by hands. Here we attack to this kind of
problems by means of stochastic models. Our basic idea is that we consider state transitions as
internal structure of stories based on HMM, and we extract several storylines as aspects of topics
by probabilistic likelihood. We utilize KL divergence to screen topics.
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