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Abstract

In this paper, we propose the method of recognition of
color characters in scene images. In this method, we
apply two key ideas to recognition. The first idea is
optimal binarization, which separates the image into the
character region and the background region. We use K-
means clustering in Lab color space to generate multiple
segmented images. After generation, these segmented
images are classified to correctly binarized character
image or not, by the convolutional neural network. All of
the segmented images are classified, one of binarized
image is selected as the optimal binarized character
image among them. The second idea is distortion-tolerant
image matching. Distortion indicates rotation, expansion,
shearing, and translation, expressed by an affine
transformation. In this matching, the correlation value is
calculated between the target image and the template
images first. Then, the optimal affine transformation is
applied to the template images, to make a higher
correlation value. These steps are repeated while the
maximum correlation values are gained. Finally, we
select k samples which gained higher correlation values
and classify the target image using k-NN classification
method. Experimental results made on the public color
character image dataset “the Chars74K” show that the
proposed method achieves 96.6% of correctly binarized
character image selection rates and 73.9% of character
recognition rates.
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