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A Study of Several Gestures Recognition for Japanese Sign Languages by Applying Convolutional Neural Network
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Sign languages are an important communication method for hearing impaired people. To
communicate to hearing impaired people, normal people also have to learn the gesture of
meanings. In order to achieve smooth communication between hearing impaired people,
automatic sign recognition system is required. In this paper, we apply simple 2D camera with
convolutional neural network (CNN) classification method is applied. The combination of
simple 2D camera with CNN enable real-time recognition is achieved by using GPU based
microcontroller board. Through preliminary experiments, we can classify three different types

of gestures with accuracy of 70 %.
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Fig.2 Convolution and max pooling
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Fig.3 Convolutional Neural Network of this study
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Fig.5 B910 HD WEBCAM

Tablel Specification of B910 HD WEBCAM

Size 34mm(H) X 94mm(W) X 80mm(D)
Weight 809
Viewing Angle 78°
Max Frame Rate 720 X 1280pixel : 30fps
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Fig.8 Recognition Accuracy by word
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