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STUDIES ON SEMANTIC TEXTUAL SIMILARITY WITH WORD SENSES

U\GEICUN
Fumito KONAKA
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Semantic Similarity is one of the most important issues in Natural Language Pro-

cessing. Recently we can deliver easily thanks to the growth of Social Network Services

(SNS). However Vector Space Model, the dominant method in document retrieval, cannot

deal with similarities between short documents produced on SNS. In this work, we pro-

pose new methods for sentence similarity. They are especially useful for Semantic Textual

Similarity so that we could retrieve SNS documents and short sentences. In experiments,

we show the effectivities of our approaches by some experimental results.
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