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STUDIES ON FEATURE EXTRACTION FROM NEWS ARTICLES BASED ON LATENT SEMANTICS
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In recent years, we can get huge documents from the internet. These documents have
huge amount of information. Very often, in news articles, headlines contain characteristic
expressions specific to their contents. In this investigation, we propose new methods to
generate headlines for news articles with automatic estimations. Here we examine both
news articles and the headlines separetely, bridge two documents in such a way that
similar articles have similar headlines. In experiments, we show the effectivities of our

approaches by some experimental results.
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