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DEVELOPMENT OF REAL-TIME PATH PLANNING ALGORITHM
THAT TAKES INTO ACCOUNT THE DYNAMIC OBSTACLE
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In the urban areas, safe navigation is one of the primary tasks of a mobile robot. To achieve a safe
navigation, the mobile robot has to take into account of pedestrian and bicycles as a moving obstacle to avoid

collision. In this paper, we describe a real-time safe path planning algorithm which includes walking pedestrian
and moving bicycles. To distinguish pedestrian/bicycles and static obstacles, we fuse the information of LIDAR
and the speedometer and gyro sensor to estimate surrounding situations of the mobile robot. To identify both
static and moving obstacles, the polar coordinate based detection algorithm is proposed. In order to avoid
collision to obstacles, the complex type AR model is applied to estimate obstacles position. The validity of the

proposed system is confirmed by actual outdoor experiments.
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Fig.1 Problem of conventional path planning
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Fig.2 Proposed System
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Fig.5 Predicted obstacle by complex AR model.
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