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ANALYSIS OF THE DIGITAL SPIKING NEURONS WITH SPIKE PHASE MAP
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This paper studies the transient phenomena and steady state of the digital spiking neurons.
This is switched dynamical systems thet can generate various spike-trains. The neurons can
have co-existing periodic spike-trains and exhibit one of them depending on the wiring pattern
and the initial value. We demonstrate several typical phenomena. Using the mapping produce,

such phenomena are analyzed precisely.
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