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This paper describes a new self-localization algorithm for IGVC Auto-Nav Challenge by using

Omni-directional images without GPS information. In order to achieve an accurate self-localization of the

mobile robot, a sequence of Omni-directional white lane images is combined by applying probabilistic map

matching technique.

experiment.

Validity of proposed algorithm is confirmed both simulations and actual outdoor
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Fig.2 Omni-directional camera data
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Fig.6 Global probability map
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