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An approach to automatic identification of the age-group from facial images

A
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In this study, we developed an automatic face recognition system that identifies the age-group of a person
using the Gabor features extracted from the face image. We first intended to select components of the Gabor

features which seem relatively more effective for age discrimination by quantifying the effect of facial aging on
each component of the features, and then applied principal component analysis to the set of features in order to
further reduce their dimensionality. Subsequently, automatic identification of the age-group was conducted for the

input face image based on minimum distance classification.
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