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A STUDY OF LANE DETECTION ALGORITHM FOR MOBILE ROBOT UNDER REAL WORLD

This paper describes a robust and stable lane detection algorithm for mobile robot under real world

urban area environment. In order to achieve robust and stable lane detection, we propose a new

eigenvector based clustering algorithm based on the omni-directional images. Employment of an

eigenvector based clustering enables robust and stable lane detection even if the steep curved lane

and/or even if aworn colored lane. In order to detect steep curbed lanes as well as a wormed colored

lane, eigenvector based curb fitting methods are employed. Vaidity of a new proposed agorithm is

confirmed by both offline simulations and actua outdoor experiments by using mobile robot under red

world environments.
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Fig.1 Mobile robot suitable for urban area
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Fig.3 Lane detection
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Fig.10 Experiments lane result
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